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Abstract

A final score records how a match ended, but
its significance depends on how the match un-
folded. Structured sports records contain scores
and point outcomes, yet they do not directly in-
dicate which phases and events help explain
the result. We introduce TENOR, a Tension-
Enhanced Narrative Planning and Organization
framework for badminton table-to-text gener-
ation. TENOR adds an intermediate planning
stage that models rally-level tension as outcome
uncertainty, uses changes in the tension se-
quence to partition each set, selects focal events
with supporting context, and guides segment-,
set-, and match-level generation. We evalu-
ate TENOR on 50 matches against in-context,
reasoning-based, and table-oriented baselines.
At the match level, the full TENOR system
produces 35.12 supported relations, compared
with 23.94 for the prompt-based baseline with
the most supported relations despite a lower av-
erage output length, while maintaining 100.00
relation-grounded precision. It also achieves
the highest PARENT recall and F1, the small-
est precision—recall gaps in both Content Se-
lection and PARENT, and the strongest coher-
ence judgments across individual and ensem-
ble LLM evaluators. Together, these results
support TENOR’s goal of producing grounded,
coherently organized reports that explain not
only the result but how it was reached.

1 Introduction

Sports matches are dynamic sequences of play, but
structured datasets represent them as tables of ral-
lies, score states, and outcomes. These records
provide factual grounding for generation, but a
surface reading can flatten a match into isolated
events. For example, rallies at 4-4 and 19-19 both
appear in the table as tied score states. To a hu-
man reader, however, their significance depends on
where they occur in the developing set. At 4-4,
the set is still taking shape. At 19-19, it is near

resolution, and the next rally may change the direc-
tion of the set. Prior data-to-text and table-oriented
methods use content planning, table operations, or
decomposition to provide structure before genera-
tion (Wiseman et al., 2017; Puduppully et al., 2019;
Wang et al., 2024; Chiang et al., 2025), but match
progression may remain implicit.

This raises the question: can a system explain
not only the result, but how it was reached? We
address this question through an intermediate struc-
ture between record and report. We introduce
TENOR, a Tension-Enhanced Narrative Planning
and Organization framework for badminton table-
to-text generation. TENOR treats a match as a
layered account in which moments form phases,
phases shape sets, and sets form the match. It mod-
els tension as outcome uncertainty, uses changes
in tension to partition each set into phases, selects
focal rallies with supporting context, and connects
segment-, set-, and match-level accounts through
hierarchical generation. The goal is therefore to
produce grounded reports that make the path to the
final result explicit through selected and organized
match developments.

Across 50 matches, TENOR produces 35.12 sup-
ported relations, compared with 23.94 for Tree-of-
Thought, the prompt-based baseline with the most
supported relations. TENOR does so with shorter
reports and 100.00 relation-grounded precision. It
also achieves the highest PARENT recall and F1
and the strongest coherence judgments across indi-
vidual and ensemble evaluators.

2 Related Work

2.1 Structured Support Before Generation

Data-to-text generation requires selecting relevant
facts, ordering them coherently, and avoiding un-
supported content (Wiseman et al., 2017). Ex-
plicit content planning addresses these decisions
before surface realization (Puduppully et al., 2019).
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Prompting and reasoning methods offer other forms
of support before generation. In-context learn-
ing supplies task instructions or demonstrations
(Brown et al., 2020), while Chain-of-Thought and
Tree-of-Thought introduce reasoning steps or ex-
plore alternative reasoning paths (Wei et al., 2022;
Yao et al., 2023).

Table-oriented methods make the structure of
the input more explicit. Chain-of-Table applies
operations such as row selection, grouping, and
sorting during table reasoning (Wang et al., 2024).
Tree-of-Report addresses sports report generation
by decomposing sports tables into smaller sub-
tables, generating partial reports, and combining
them into a full report (Chiang et al., 2025). These
approaches provide intermediate support through
content plans, prompts, reasoning processes, or ta-
ble organization. TENOR adds a complementary
structure derived from match progression through
tension-guided phases.

2.2 Match Progression as Narrative Structure

For this task, TENOR uses an intermediate struc-
ture that represents not only which events occurred,
but also how their roles change as the match devel-
ops. A routine rally and a late equalizer are both
factual, yet the late equalizer may deserve greater
emphasis because of its position near the resolution
of the set. The planning problem is therefore not
only to select relevant records, but also to place
them within the progression of the match.

Prior work has examined narrative tension
through suspense, surprise, curiosity, and changes
in uncertainty (Bermejo-Berros et al., 2022; Doust
and Piwek, 2017; Wilmot and Keller, 2020).
TENOR adopts this idea in a focused computa-
tional sense rather than attempting to model the
audience’s full emotional experience. It represents
tension as outcome uncertainty over rally-level
score states. Tension is higher when the outcome
is uncertain and lower when one side’s advantage
becomes clearer, providing a numerical measure of
movement from uncertainty toward resolution.

Tension alone does not determine report con-
tent. Instead, TENOR uses changes in the signal
to identify phases, then uses score movements and
event patterns within each phase to select focal
rallies and supporting evidence. This progression-
centered plan guides narrative emphasis using se-
lected evidence and links local rallies to the broader
development of the match.

3 Method

TENOR separates programmatic narrative planning
from prompt-based report generation. The first
stage identifies changes in the competitive state,
selects rallies that help explain those changes, and
determines which phases require narrative attention.
The second stage uses this plan for segment-, set-,
and match-level generation, as shown in Figure 1.

3.1 Tension-Enhanced Narrative Structuring

Modeling competitive uncertainty. The source
table is recorded at shot level, so TENOR orders
the records by set, rally, and shot position, then
retains the final row of each rally.

Definition 1 (Rally-Level Tension) For set s;, let
;¢ be its t-th completed rally, n; its rally count,
and g;y = (aiz, biyt) its post-rally score under a
fixed player ordering. Let W (a,b) estimate the
probability that the first side wins the set from score
state (a,b). The estimated win probability is

pit = Wi(ait,bit). )]

TENOR defines tension as the binary entropy of
this probability:

Vit = —pi10ge pit—(1—pi¢) loga(1—pi). (2)

Let v; = <Ui,1; ..
quence for s;.

., Vi, ) denote the tension se-

The implementation precomputes the win-
probability function recursively under badminton
scoring rules: a target score of 21, a two-point
winning margin, and a score cap of 30. For nonter-
minal states, the next-rally probability is estimated
from the score gap, using larger gap weights later
in the set. The value is highest near p; ; = 0.5 and
decreases as the estimate approaches 0 or 1. The
tension sequence therefore tracks how estimated
outcome uncertainty changes across the set and pro-
vides the basis for identifying phases in the set’s
competitive progression.

From rallies to phases. The tension signal tracks
changes in outcome uncertainty. To connect these
changes to the match record, TENOR represents
each completed rally as a structured event. Each
event stores its position, post-rally score, score-gap
movement, point winner, current leader, run length,
and a basic role. Roles distinguish final scores,
game points, interval leads or ties, equalizers,
opening points, comeback attempts, dominance-
building events, and routine points. Together, these
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Figure 1: Overview of TENOR. The first stage produces phase profiles, selected events, and narrative ranks. The
second stage uses this plan to generate reports at the segment, set, and match levels.

fields provide rally-level context for phase construc-
tion and later evidence selection.

TENOR applies PELT change-point detection in-
dependently to each set (Killick et al., 2012). The
detector receives a two-column signal containing
the standardized tension sequence and a local con-
trast between nearby rolling averages. Candidate
penalties are tested, and the segmentation is se-
lected using preset minimum, maximum, and target
phase-count constraints.

Definition 2 (Phase Sequence) Let e; ; denote the
structured event for rally r; ;. For set s;,

Pi = (pi,1;-- 3)

where ‘P; is the ordered phase sequence, k; is the
number of phases, and p; ¢ is a contiguous rally
interval. Let ¢; ¢ denote the profile of p; ¢

. api,ki>)

The phase boundaries follow changes in the ten-
sion signal, organizing the set according to changes
in outcome uncertainty. Each phase profile con-
tains start and end scores, score-gap movement,
leading and trailing sides, and event-role sequence.
TENOR also assigns each phase a local function,
such as control building, comeback pressure, con-
test reset, closing contest, or closing dominance.
The profile therefore links each detected interval to
the score and event patterns inside it.

Outcome-anchored evidence. For each set,
TENOR orders the structured events and chooses a
set-ending pivot. The final-score event is preferred;
the latest game-point event or latest available event
is used when needed. Events up to and including
the pivot form the candidate pool. Selection pro-
duces a reportable subset, with the pivot retained
as the outcome anchor.

Earlier candidates are selected by phase func-
tion. Equalizers can support comeback-pressure or
contest-reset phases, while interval leads can serve
as checkpoints for control-related phases. Close
endings may retain eligible late-contest signals,
such as an equalizer, comeback attempt, or sep-
aration event, whereas opening or routine phases
may contribute no focal event. Each selected event
remains assigned to its supporting phase.

Definition 3 (Evidence and Narrative Rank)
For set s;, the narrative rank of phase p; ¢ is

LOW, |4;¢| =0,
vie={ MEDIUM, |4/ =1, (4
HIGH, Al > 2,

where z; denotes the set-ending pivot, C; the candi-
date events up to and including z;, and A; C C; the
selected reportable events, with z; retained as the
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outcome anchor. A; y C A; denotes the selected
events assigned to p; 4, and | A; ¢| their count.

The resulting evidence connects retained rallies
to the phases they support and to the set outcome
they help describe. Only selected-event count deter-
mines narrative rank. Generation uses LOW phases
as background or omits them, describes MEDIUM
phases with one focal event, and gives HIGH phases
fuller local narration. The first stage outputs or-
dered phase profiles, selected events, and attention
ranks for hierarchical generation.

3.2 Hierarchical Report Generation

Tension-enhanced structuring provides phase pro-
files, selected events, narrative ranks, and match
context. These inputs guide which phases are nar-
rated and how much detail they receive. Generation
proceeds from segment to set to match, with each
level producing a brief plan and narrative.

A Low-ranked phase has no standalone segment
narrative, but its profile remains in the complete set
overview. MEDIUM- and HIGH-ranked phases are
written separately before set-level generation.

Definition 4 (Segment-Level Generation) For
set s; and phase index { € R;, segment-level
generation is

(Uz(,sgeg), @)ﬁeg)) = Gseg (pi,e, ¢i,e7 Ai,€7 Vi, ls Ci,€)7
®)
where R; = {¢ | v, € {MEDIUM, HIGH}}
is the set of reportable phases, c; ¢ denotes the
narratives generated for earlier reportable phases

of the same set, ngséeg)

and gjﬁeg)

is the segment-level plan,

is the generated phase narrative.

For each reportable phase, the selected events
provide the score states and rally outcomes used
as evidence, while the phase profile provides the
surrounding score movement and phase role. Exact
score states in the continuity context are masked,
so the current phase’s score movement must come
from its own event evidence. The plan records the
local score movement, the evidence to include, and
the intended emphasis. A MEDIUM phase is written
as a focused highlight around one selected event.
A HIGH phase receives a fuller account that can
connect multiple selected events within the phase.

Set-level generation orders the segment narra-
tives chronologically, retains the complete phase
overview, and uses earlier set narratives only to
maintain continuity.

Definition 5 (Set-Level Generation) For set s;,
the ordered segment narratives and complete phase
overview are

v = (359 | e Ry, ©)

Qi = (Di1,- s Diky)- (7

Set-level generation is
(Y, 55Y) = Guen (Y5, @y, Ai, M, ), (8)

where M denotes the match metadata, CS‘ the set-

level narratives generated before s;, nl(set the set-
(set)

level plan, and ;""" the generated set narrative.

Unlike the ordered segment narratives, the com-
plete phase overview also contains phases that do
not receive standalone narratives. The set-level
plan summarizes the main phase sequence, the se-
lected turning points, and the path toward the set re-
sult. The generator then rewrites the local segment
narratives as one chronological account rather than
directly concatenating them. The complete phase
overview supplies context for transitions and for
phases that are represented more briefly.

After set-level generation, the set narratives are
used to form the complete match account.

Definition 6 (Match-Level Generation) For
a match of m sets, the ordered set narratives,
selected event evidence and tension summaries are

ye = Y gy, )
E=(A1,...,An), (10)
T =(T1,...,Tm)- (11)

Here, T; denotes a compact set-level summary de-
rived from the tension sequence v;. Match-level
generation is

(™) N1) = Goaeen (YO0, B, T, M), (12)

match)

where 1 is the match-level plan and N is the

final report.

The match-level plan specifies how to introduce
the result, relate the sets, emphasize the main de-
velopment supported by the evidence, and close
the report. The final stage rewrites the set narra-
tives within this match-level structure rather than
joining them unchanged. Hierarchical generation
therefore carries the selected evidence from local
phases to set progression and then to the complete
match account.
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4 Experiment Setup

4.1 Dataset Description

We select 100 singles matches from ShuttleSet
(Wang et al., 2023) for which human-written refer-
ence reports were available, divided into 50 devel-
opment matches for relation-extractor validation
and 50 test matches for final system evaluation.
Each pair combines ShuttleSet match metadata and
shot-level play records with a paired human-written
reference report. To construct the rally-level input,
we order the play records by set, rally, and shot or-
der, then retain the final row of each rally as its com-
pleted state, including the post-rally score. Miss-
ing point-winner labels are recovered from score
changes when possible. The structured records pro-
vide the factual grounding for report generation,
while the paired human reports serve as Gold refer-
ences for evaluation.

4.2 Comparison Systems

The comparison systems support two forms of
analysis: how TENOR compares with existing
approaches to pre-generation support, and how
its main design choices relate to the observed re-
sults. For the first analysis, we compare TENOR
with three groups of baselines. The in-context
group includes Zero-shot, One-shot, and Few-shot
prompting (Brown et al., 2020). The reasoning-
based group consists of Chain-of-Thought (Wei
et al., 2022) and Tree-of-Thought (Yao et al., 2023).
The table-oriented group includes Chain-of-Table
(Wang et al., 2024), which applies operations over
the input table, and Tree-of-Report (Chiang et al.,
2025), which decomposes sports tables before com-
posing a complete report. These baselines repre-
sent different forms of support through instructions,
examples, reasoning traces, and table organization.

For the second analysis, we evaluate the com-
plete system, denoted TENOR-Full, alongside
two ablation variants. TENOR-FixedSeg replaces
PELT-based phase detection with a fixed split at
the standard badminton interval while retaining the
remaining structuring steps and hierarchical gener-
ation. The first phase ends at the rally where either
player reaches 11 points, and the second covers
the remainder of the set. This variant allows com-
parison between tension-guided boundaries and a
fixed domain-based division. TENOR-FlatGen
retains tension modeling, phase profiles, and se-
lected evidence while generating the final report
directly through a single match-level prompt rather

than through intermediate segment- and set-level
narratives. This variant allows comparison between
flat and hierarchical generation using the same pre-
pared evidence. Together, the three TENOR vari-
ants provide comparisons for adaptive phase parti-
tioning and hierarchical generation.

4.3 Implementation

The narrative-structuring stage, including tension
modeling, structured event representation, PELT
partitioning, partition feature extraction, event-
chain construction, event selection, and partition
ranking, is executed programmatically without
LLM calls. TENOR-Full and TENOR-FixedSeg
use GPT-40-mini at temperature 0.3 for segment-,
set-, and match-level generation, while TENOR-
FlatGen uses the same model and temperature for
direct match-level generation. The prompts are
provided in Appendix A.

4.4 Evaluation

The evaluation is organized around a progression-
centered goal: assessing whether generated reports
remain grounded while recovering and organizing
match development. Source-based metrics test fac-
tual grounding, Gold-based content and ordering
metrics test whether the system recovers and orga-
nizes events present in the human report, and coher-
ence judgments test whether the resulting content
forms a connected account. Other linguistic mea-
sures provide complementary quality information.

Relation extraction. Following information-
extraction-based evaluation for data-to-text gen-
eration (Wiseman et al., 2017), we represent facts
as (table|column|value) relations. Source rela-
tions are derived from match-level metadata and
set-level rally tables. To extract report relations, the
extractor divides each report into text units, assigns
each unit to the match or a specific set, maps score
mentions to candidate rally rows under both score
orders, validates the mappings in context, and re-
trieves additional relations from the matched rows
when they are supported by the same text unit.
We compare the TENOR and Tree-of-Report
extractors (Chiang et al., 2025) on the 50-match
development set using manually checked annota-
tions. Performance is measured with exact-match
precision, recall, and F1, averaged across matches.
As shown in Table 1, TENOR achieves 90.33 pre-
cision, 93.86 recall, and 91.66 F1, while Tree-of-
Report achieves 67.83, 60.52, and 59.39, respec-
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tively. We therefore use the TENOR extractor for
the subsequent relation-based evaluation of factual
correctness, event coverage, and narrative ordering.

Extractor Precision Recall F1
Tree-of-Report 67.83% 60.52% 59.39%
TENOR 90.33% 93.86 % 91.66%

Table 1: Relation-extractor validation on the 50-match
development set.

Automatic metrics. We evaluate generated re-
ports across four dimensions using source-table
relations, Gold report relations, and Gold report
text. Factual correctness is measured against
source-table relations through the total number of
supported Relation Generation relations (RG #)
and their precision (RG Prec.) (Wiseman et al.,
2017). For final reports, we also report whitespace-
separated word count and RG # per 100 words to
account for differences in output length. FEvent
coverage compares generated and Gold relations
through Content Selection (CS), while relation-
adapted PARENT also incorporates source-table
relations (Dhingra et al., 2019). For both CS and
PARENT, we report precision, recall, F1, and the
absolute precision—-recall gap (P-R Gap), where
a smaller gap indicates closer alignment. Narra-
tive ordering is measured by the complement of
normalized Damerau-Levenshtein distance (CO
DLD) and Kendall’s tau over relations shared by
the generated and Gold reports (CO KT). Linguistic
quality is evaluated against Gold report text using
BLEU and ROUGE-1/2/LCS for lexical similarity
(Papineni et al., 2002; Lin, 2004), together with
BERTScore precision, recall, and F1 and SBERT
similarity for contextual similarity (Zhang et al.,
2020; Reimers and Gurevych, 2019). Scores are
macro-averaged across the 50 test matches. RG
# per 100 words is computed for each report be-
fore averaging, with output length and normalized
RG reported as mean + standard deviation. Sta-
tistical significance for five comparisons support-
ing the main baseline and ablation claims in Ta-
ble 2 is assessed across the same 50 matches us-
ing two-sided paired Wilcoxon signed-rank tests
(Wilcoxon, 1945) with Holm correction (Holm,
1979) (o = .05).

LLM-based evaluation. We complement the au-
tomatic metrics with an adapted G-EVAL proce-
dure (Liu et al., 2023). Following panel-based eval-

uation methods (Verga et al., 2024), we use three
judges from different model families: OpenAl GPT-
4.1, Google Gemini 2.5 Pro, and Claude Sonnet.
All calls use temperature 0. The evaluation cov-
ers Few-shot, Chain-of-Thought, Tree-of-Report,
Tree-of-Thought, and TENOR-Full at the match
level. We report results for each judge and through
ensemble aggregation.

The procedure has two parts. For factual correct-
ness, the judges count supported and contradicted
statements using the structured match tables and
metadata as evidence. Gold is evaluated alongside
the systems as the human reference, and ensemble
factual scores are averaged across valid judge out-
puts. For linguistic quality, we apply Best-Worst
Scaling (Kiritchenko and Mohammad, 2017) to
evaluate coherence, conciseness, and grammatical-
ity. System reports are shuffled and assigned anony-
mous labels, while Gold serves as a reporting-style
reference. We report two ensemble settings: ma-
jority retains a choice when at least two judges
agree, whereas veto retains it only when all three
judges agree. Unresolved comparisons are retained
as evaluation diagnostics.

5 Results and Analysis

Bold and underlined values indicate the best and
second-best system results, respectively, excluding
Gold. Lower values are better for precision—recall
gaps and contradiction counts. Output length is de-
scriptive; all remaining metrics are higher-is-better.

5.1 Automatic Evaluation

Table 2 separates source grounding from agree-
ment with the Gold report. Every system obtains
100.00 RG precision, so the main factual differ-
ence is the number of supported relations recovered
by the extractor. Among final reports, TENOR-
Full: Match records 35.12 supported relations,
compared with the Gold average of 36.06 and Tree-
of-Thought at 23.94. Table 3 shows that TENOR-
Full is also shorter than Tree-of-Thought on aver-
age, at 268.16 versus 360.64 words, while reaching
13.08 versus 7.22 RG per 100 words. It also ex-
ceeds TENOR-FlatGen at 29.68 RG and TENOR-
FixedSeg: Match at 29.40. These findings apply
to the relations identified by the validated extractor
rather than to every possible statement in a report.

The intermediate outputs show how coverage
changes through the hierarchy. For TENOR-
FixedSeg, RG # increases from 19.44 at the seg-
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Relation Grounding Content Selection PARENT
Method RG # Prec. P R F1 A P R F1 A
Gold 36.06 100.00 100.00 100.00 100.00 0.00 100.00 100.00 100.00 0.00
Zero-shot 22.46 100.00 80.12 59.79 66.54 20.33 90.79 37.51 5257 53.28
One-shot 2324 100.00 80.51 62.03 68.45 18.48 90.86 38.95 54.15 51.91
Few-shot 23.62 100.00 78.91 61.79 67.34 17.13 90.17 39.59 54.52 50.59
Chain-of-Table 9.86 100.00 75.35 2421 34.46 51.15 91.02 19.70 31.62 71.32
Chain-of-Thought 21.80 100.00 80.40 58.66 65.81 21.74 90.70 36.73 51.85 53.97
Tree-of-Thought 23.94 100.00 77.83 61.35 66.59 16.47 89.78 39.22 54.09 50.56
Tree-of-Report 17.26 100.00 68.76 41.14 48.05 27.63 88.29 30.49 43.67 57.80
TENOR-FlatGen 29.68 100.00 70.47 65.91 65.94 4.56 86.95 46.47 59.91 40.47
TENOR-FixedSeg: Segment 19.44 100.00 70.26 39.36 47.16 30.90 86.81 3145 4479 55.36
TENOR-FixedSeg: Set 23.80 100.00 73.55 48.73 56.08 24.83 87.64 36.44 50.19 51.19
TENOR-FixedSeg: Match 29.40 100.00 70.61 62.50 63.96 8.11 86.32 42.98 56.39 4334
TENOR-Full: Segment 29.40 100.00 59.41 45.84 48.63 13.58 82.49 39.73 5232 4276
TENOR-Full: Set 28.70 100.00 66.55 55.11 58.48 11.44 85.26 42.63 56.28 42.63
TENOR-Full: Match 350214 100.00 66.11 69.95 65.83 3.84 84.07 49.83 7 61947 3424

Table 2: Relation-grounded factual correctness and event coverage. RG # is the mean number of supported extracted

relations. A = |[P — R

, where lower is better. Segment and set rows are intermediate outputs; match rows are final

reports. fSignificantly higher than the strongest prompt-based baseline (Tree-of-Thought for RG #; Few-shot for

PARENT recall/F1); *Significantly higher than both TENOR ablations for RG # (Holm-adjusted p < .001).

ment level to 23.80 at the set level and 29.40
at the match level. TENOR-Full reaches 29.40,
28.70, and 35.12, respectively. Its set-level RG #
is slightly below its segment-level value, but the fi-
nal match-level report contains the most supported
content. Content Selection and PARENT show a
clearer increase across levels for both hierarchical
systems. TENOR-Full: Match reaches the high-
est recall and smallest precision—recall gap in both
evaluations, and the highest PARENT F1.

One-shot retains the highest Content Selection
precision and F1, while Chain-of-Table retains the
highest PARENT precision. For Content Selection,
lower precision can occur when a method includes
source-supported relations that are absent from the
Gold report. TENOR-Full: Match contains more
supported relations than Tree-of-Thought (35.12 vs.
23.94) and also has higher Content Selection recall
(69.95 vs. 61.35), but lower precision (66.11 vs.
77.83). Broader coverage may therefore recover
more Gold relations while also including source-
supported relations not selected in Gold. Hierarchi-
cal generation also reuses intermediate narratives,
so earlier choices in emphasis or interpretation can
carry into later rewriting. Content Selection preci-
sion measures agreement with the Gold report and
is distinct from relation-grounded factual precision
against the source table.

The length-normalized results add context to the
ablations. TENOR-Full and TENOR-FixedSeg:
Match have similar average lengths, but TENOR-
Full is higher in both RG # (35.12 vs. 29.40) and
RG per 100 words (13.08 vs. 11.17). TENOR-

FlatGen is substantially shorter and has the highest
RG per 100 words at 17.85, indicating a more com-
pact report, while TENOR-Full retains higher ab-
solute supported-relation coverage. TENOR-Full
is 9.24 words longer than Gold on average and has
0.94 fewer supported relations (268.16 vs. 258.92
words; 35.12 vs. 36.06 relations).

Table 4 gives a similar level-wise pattern. Within
TENOR-FixedSeg and TENOR-Full, the match
output receives the highest ordering and similarity
scores of the three levels. This pattern is consistent
with the broader scope of the match output, which
integrates the earlier narratives into a full-report ac-
count. The segment and set rows therefore describe
the development of the hierarchy and are not direct
substitutes for the final-report comparison.

Among final reports, Tree-of-Thought leads CO
DLD and CO KT at 39.45 and 88.96. TENOR-
FixedSeg: Match is second in CO KT at 87.40,
while TENOR-Full: Match reaches 36.81 CO DLD
and 86.71 CO KT. Similarity leaders also vary by
system: Few-shot leads BLEU, BERTScore recall
and F1, and SBERT; One-shot leads ROUGE-1;
and TENOR-FlatGen leads ROUGE-2, ROUGE-
LCS, and BERTScore precision. TENOR-Full:
Match does not lead these metrics, but its match-
level scores remain within the evaluated range.

Overall, the automatic results identify absolute
supported-content coverage as the clearest strength
of TENOR-Full: Match. The final match outputs
contain the most supported content and receive
the highest ordering and similarity scores within
each hierarchy. The results do not show uniform
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Method Words RG # RG /100 words

Gold 258.92 + 80.24 36.06 14.15 £ 551
Zero-shot 216.50 £ 25.53 22.46 10.48 £ 2.01
One-shot 242.46 £ 2391 23.24 9.61 £ 1.48
Few-shot 240.24 £+ 30.79 23.62 9.93 £1.58
Chain-of-Table 277.64 £ 38.05 9.86 357+ 1.75
Chain-of-Thought 240.00 £ 30.45 21.80 9.19 £ 1.68
Tree-of-Thought 360.64 £ 142.66 23.94 7.22 +1.88
Tree-of-Report 273.54 £ 64.06 17.26 6.93 £4.12
TENOR-FlatGen 168.56 £ 29.82 29.68 17.85 £ 3.52
TENOR-FixedSeg: Match 261.06 £ 49.45 29.40 11.17 £2.94
TENOR-Full: Match 268.16 £+ 50.16 35.12 13.08 £ 1.82

Table 3: Output length and supported-relation coverage for final reports. Words are whitespace-separated word
counts. Words and RG / 100 words are reported as mean =+ standard deviation over the 50 test matches; RG / 100
words is calculated for each report before averaging. RG # is the mean number of supported extracted relations.
Bold and underlined values indicate the best and second-best generated-system results, respectively, for the RG
measures, excluding Gold.

Ordering BLEU/ROUGE BERTScore SBERT
Method CODLD CO KT BLEU R-1 R-2 R-LCS P R F1 Sim.
Gold 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00 100.00
Zero-shot 37.28 85.59 1.70 41.02 9.60 18.54 86.28 85.33 85.80 84.64
One-shot 39.37 85.30 245 43.76 11.51 19.64 86.56 86.09 86.32 86.00
Few-shot 38.15 85.70 2.66 43.32 11.45 20.42 86.67 86.13 86.40 86.01
Chain-of-Table 16.14 63.69 1.12 37.79 7.08 16.80 85.12 84.32 84.72 78.40
Chain-of-Thought 36.68 83.47 1.80 41.86 9.71 18.34 86.10 85.39 85.74 84.93
Tree-of-Thought 3945 88.96 1.71 39.61 9.00 17.22 84.93 85.52 85.22 84.62
Tree-of-Report 25.02 74.30 1.45 37.87 8.29 17.37 84.26 84.09 84.17 81.23
TENOR-FlatGen 36.80 85.36 2.01 42.11 11.85 20.46 87.40 85.08 86.22 84.48
TENOR-FixedSeg: Segment 21.79 81.36 0.65 32.62 6.39 15.77 84.66 82.79 83.71 76.91
TENOR-FixedSeg: Set 27.14 84.80 1.23 38.03 8.06 17.27 84.83 83.44 84.13 78.56
TENOR-FixedSeg: Match 35.84 87.40 1.83 41.24 9.98 19.09 85.75 85.29 85.52 84.62
TENOR-Full: Segment 21.11 74.81 1.06 35.25 7.51 16.40 83.94 83.20 83.56 77.34
TENOR-Full: Set 27.30 82.11 1.51 39.22 9.02 18.04 85.25 83.79 84.51 78.03
TENOR-Full: Match 36.81 86.71 2.09 41.96 10.73 19.57 86.08 85.64 85.85 84.68

Table 4: Narrative ordering and linguistic similarity to the Gold reports. R-1, R-2, and R-LCS denote ROUGE-1,
ROUGE-2, and ROUGE-LCS. Segment and set rows are intermediate outputs; match rows are final reports.

gains: TENOR-FlatGen is more compact, Tree-of- The factual results are more specific. TENOR-
Thought remains strongest in ordering, and several ~ Full: Match has the highest ensemble support count
prompting and ablation systems lead the lexical  at 12.40, while Chain-of-Thought has the lowest
and contextual measures. The evidence therefore  contradiction count at 0.52 versus 1.00 for TENOR-
supports TENOR as expanding grounded coverage  Full: Match. Gold also receives 1.58 contradicted
while maintaining competitive, rather than consis-  statements on average. As the judges use only the
tently highest, ordering and linguistic similarity. structured tables and metadata as evidence, this
may reflect details not supported by that evidence,
5.2 LLM Evaluation variation in judge interpretation, or both. These
Table 5 shows one result that is consistent across ~ counts should therefore be treated as evaluator-
all evaluators: TENOR-Full: Match receives the  based judgments rather than direct factual labels.
highest coherence score from OpenAl, Gemini, and Conciseness and grammaticality vary across
Claude, at 54.00, 54.00, and 62.00. This patternis ~ judges. TENOR-Full: Match leads both criteria
preserved after aggregation, where TENOR-Full:  under Gemini and leads Claude conciseness, while
Match reaches 60.00 under majority and 28.00 un-  Few-shot leads OpenAl conciseness and grammati-
der veto. The agreement across individual and  cality and Claude grammaticality. The ensemble re-
ensemble settings identifies coherence as the clear-  sults show the same mixed pattern: Few-shot leads
est and most consistent LLM-evaluated strength of ~ majority conciseness and grammaticality, while
TENOR-Full: Match. TENOR-Full: Match leads veto grammaticality.
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(a) Factual statement counts

OpenAl Gemini Claude Ensemble
Method Supp.t Cont.| Supp. T Cont.| Supp.T Cont.| Supp.t Cont.|
Gold 9.64 1.26 14.76 1.46 10.64 2.02 11.68 1.58
Few-shot 8.74 0.56 12.60 1.04 9.90 0.84 10.41 0.81
Chain-of-Thought 9.22 0.48 14.02 0.52 10.22 0.56 11.15 0.52
Tree-of-Report 7.86 3.72 19.26 4.50 8.86 2.62 11.99 3.61
Tree-of-Thought 10.24 0.48 14.44 0.92 10.84 0.66 11.84 0.69
TENOR-Full: Match 10.12 0.78 15.40 0.76 11.68 1.46 12.40 1.00
(b) Individual-judge Best-Worst Scaling
OpenAl Gemini Claude
Method Coh. Conc. Gram. Conc. Gram. Coh. Conc. Gram.
Few-shot 32.00 58.00 50.00 24.00 36.00 24.00 16.00 26.00 44.00
Chain-of-Thought 6.00 26.00 20.00 -2.00 8.00 16.00 10.00 26.00 16.00
Tree-of-Report -98.00 -84.00 -96.00 -96.00 -82.00 -92.00 -92.00 -72.00 -88.00
Tree-of-Thought 6.00 -14.00 4.00 20.00 -16.00 10.00 4.00 -22.00 0.00
TENOR-Full: Match 54.00 14.00 22.00 54.00 54.00 42.00 62.00 42.00 28.00
(c) Ensemble Best-Worst Scaling
Majority Veto

Method Coh. Conc. Gram. Coh. Conc. Gram.
Few-shot 20.00 38.00 46.00 6.00 14.00 2.00
Chain-of-Thought 0.00 18.00 8.00 -2.00 4.00 0.00
Tree-of-Report -98.00 -84.00 -96.00 -90.00 -64.00 -80.00
Tree-of-Thought 6.00 -14.00 2.00 2.00 -8.00 0.00
TENOR-Full: Match 60.00 34.00 26.00 28.00 10.00 6.00

Table 5: LLM-based evaluation on the 50-match test set. Panel (a) reports average supported (Supp.) and
contradicted (Cont.) statement counts for each judge and their mean ensemble. Panels (b) and (c) report Best-Worst
Scaling scores for coherence (Coh.), conciseness (Conc.), and grammaticality (Gram.); higher is better. Majority
requires agreement from at least two judges, while veto requires unanimity. Bold and underlined values indicate the

best and second-best generated systems.

The LLM evaluation therefore supports a focused
contribution: TENOR-Full: Match is consistently
strongest in coherence and has the highest aggre-
gated support count, but it does not lead every fac-
tual or linguistic criterion.

6 Conclusion

This paper introduced TENOR, a framework for
badminton table-to-text generation that uses ten-
sion to model match progression before writing.
TENOR models rally-level outcome uncertainty as
tension, partitions sets into phases, selects focal
events with supporting context, and generates re-
ports across segment, set, and match levels. This
structure links local score movements to wider
match development.

Across 50 matches, TENOR-Full: Match pro-
duces 35.12 supported relations, compared with
36.06 for Gold and 23.94 for the strongest prompt-
based baseline. The difference from the baseline is
significant despite TENOR-Full’s shorter average
reports, and relation-grounded precision remains
100.00. It also achieves the highest PARENT recall
and F1, both significantly above Few-shot, and the

strongest coherence judgments from the OpenAl,
Gemini, and Claude evaluators and both ensem-
bles. Against both ablations, TENOR-Full: Match
has significantly higher absolute RG. It also has
higher normalized RG than TENOR-FixedSeg at
similar length, while TENOR-FlatGen is shorter
with higher RG density. Because ordering and
similarity results are mixed, the ablations provide
clearer evidence for absolute grounded coverage.

Results across the remaining dimensions add
context. Tree-of-Thought records the highest or-
dering scores, while contextual similarity, con-
ciseness, and grammaticality vary across systems
and evaluators. TENOR therefore contributes a
progression-centered generation framework for pro-
ducing grounded reports that recover and organize
match developments leading to the final result. Fu-
ture work can incorporate additional match signals,
such as player movement and tactical patterns, ex-
amine applications to other sports, and conduct
evaluation with human readers. Overall, TENOR
moves sports report generation beyond stating the
final result toward recovering the match progres-
sion behind it.
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Limitations

TENOR uses tension in a focused computational
sense: outcome uncertainty derived from rally-
level score states. The signal approximates score-
based movement between balance, control, and res-
olution rather than suspense as a complete psycho-
logical or emotional experience. Its win-probability
estimate is based on badminton scoring rules, score
gaps, and where the score occurs in the set. The
tension formulation centers on score progression,
while rally length, player movement, and tactical
patterns offer complementary signals for extending
the representation of match development.

The study uses 100 singles ShuttleSet matches
paired with human-written reference reports, di-
vided into 50 development and 50 test matches.
The findings therefore describe this dataset, sport,
and reporting setting. Evaluation on doubles bad-
minton, other sports, and additional reporting con-
texts would provide broader evidence across event
structures and narrative conventions.

The evaluation combines relation-based met-
rics, reference-based similarity measures, and three
LLM judges. Relation-based results reflect the re-
lations recovered by the validated extractor, while
reference-based results reflect alignment with the
available Gold reports. The LLM results corre-
spond to the specified models, prompts, and eval-
uation settings. No human-reader evaluation was
conducted, so it remains an important next step for
directly assessing whether the generated reports
improve readers’ understanding of match progres-
sion.

Ethical Considerations

This study uses existing sports records and asso-
ciated human-written reports and does not collect
new data from players or spectators. Player names
and match details are used only as part of the sport-
ing record needed to describe each match. The
human-written reports serve as references for re-
search evaluation and remain distinct from the
system-generated text.

Sports reports can influence how athletes and
their performances are represented. TENOR there-
fore grounds its prompts in the structured records
and selected match events and instructs the genera-
tor to avoid unsupported claims or attributions of
emotions, intentions, or personal qualities to play-
ers. The outputs are research artifacts. Any use
in public-facing sports reporting should identify

the text as machine-generated, verify it against the
source record, and retain editorial responsibility for
the final report.

Data Availability

The code and supporting research materials, includ-
ing processed inputs, data splits, generated reports,
and evaluation outputs, are available from the cor-
responding author upon reasonable request. The
processed data and associated human-written refer-
ence reports are not publicly redistributed because
they are derived from ShuttleSet. Access to and
reuse of these materials will follow the terms of the
original dataset.
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A Prompt Templates

This appendix provides the prompt templates used
for hierarchical report generation and the flat-
generation ablation.

A.1 Segment-Level Highlight Prompt
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You are a professional sports reporter
< covering a badminton match.

# Situation:
You are provided with selected events from one
< part of a badminton set.

# Task:
Write a highlight report for the current
< portion of a badminton set.

The overall report will be built by writing
— selected portions of the match one by one.
< Write only the current portion, but make
— it flow naturally with the previous and
— following parts of the set.

# Guidelines

- A highlight report focuses only on the most

< reportable events in the current portion.

- Write in past tense because the report is

< written after the match.

- Follow the order of events.

- The input tables have already been processed
— according to event priority. For each

— event, only the provided fields should be

— treated as relevant and reportable.




- For low-priority events, the provided fields
are the complete intended information.
Missing score states, actions, shot types,
outcomes, or contextual details are
intentionally omitted.

This is progressive writing. Use

— current_report to understand what has

< already been written for the current set.

- Continue naturally from current_report

< without repeating earlier information.

- Do not rewrite, summarize, or include

< current_report in the final_report.

- If current_report is empty, this is the

— first reportable portion being written for

— the set, not necessarily the beginning of

— the set.

- Use segment_position to decide whether this

— is the first, middle, or final reportable

< portion in the generated set report.

- Use the provided events, score states, and

< event order to decide where the action

— actually sits within the set.

- Do not imply that the set began with this

— portion unless the provided events clearly

— show the start of the set.

- If earlier play is unreported, begin from

— the current score movement naturally

— without summarizing missing earlier play.

- If this is the final reportable portion and

< the provided events include the set-ending

< score, you may describe how the set ends.

- If this is neither the first nor final

— written portion, do not write set-level

< opening or closing statements.

- When writing the final_report, write scores

— from the sentence subject’s perspective

< when needed.

- If the sentence subject refers to the match
loser, write scores in
[match_loser_score]-[match_winner_score]
format and make clear whether the player
is trailing, closing the gap, or leveling
the score.

If the sentence subject refers to the match

< winner, write scores in

— [match_winner_score]-[match_loser_score]

— format.

- Prefer journalistic interpretation grounded

< in progression of events over
psychological or evaluative claims. Avoid
overexplaining and avoid dramatic or vague
phrasing.

Do not invent facts or make unsupported

< inferences. Any interpretation of

— momentum, control, pressure, or recovery

< must be grounded in the provided events

— and score progression.

- Do not use planning terms such as "segment”,

— "portion”, or "priority"” in the

— final_report.

- Do not mention missing, unavailable,

— unofficial, or omitted data fields in the

— final_report.

R

U R

—
—
—

# Writing process

1. Before writing final_report, use

— editorial_notes to guide the local report.
2. Editorial notes should decide:

- local_progression: What is the main movement
< in this part of the set?
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- phase_state: How should this part be

< understood locally?

- leader: Who was leading, controlling,

— chasing, or whether the score was tied?
- continuity_role: How should this part
connect to current_report without
repeating it?

- score_focus: Which score state or score
— movement should be written explicitly?
- tactical_focus: What play development is
supported by the provided events?

- report_writing_style: How should the

—

—

—

— final_report be written? Specify how to

— keep the report grounded in score movement
— and selected play development, preferring
— journalistic interpretation over generic
< praise.

3. Then write final_report based on these

— hotes.

# Input description:
- set_number: the set number.
- segment_position: the position of this
— written portion within the set.
- segment_priority: the priority of the
— written portion.
- segment_role: the report style.
- player_context:
- match_winner: overall match winner.
- match_loser: overall match loser.
- current_report: the report already written

— for previous portions in the same set.
< Exact score states may be masked as

< [SCORE]. Use it only for set continuity
< and do not recover exact scores from it.
## segment_events

A chronologically ordered table of events in
< the current portion. The available fields
< depend on priority level.

Possible fields:
- priority_level:

- "medium”: events that serve as the main

< highlights.

- "low": events that serve as brief context.
- match_winner_score: match winner’s current
< score in the set.
- match_loser_score: match loser’s current
< score in the set.
- getpoint_player_name: the name of the player
< who won the event.
- ball_type: the type of shot.

# Output:
Return valid JSON only.
{
"editorial_notes": {
"local_progression”: "...",
"phase_state”: "close / balanced /
— controlled / one_sided / fluctuating”,
"leader”: "match_winner / match_loser /
< tied”,
"continuity_role”: "...",
"score_focus": {
"score_state": "...",
"score_evidence": " "
}’
"tactical_focus": {
"match_winner_play_development”: "...",




n n

"match_loser_play_development”:

h
"report_writing_style”: "..."

1

"final_report”:

” n

A.2 Segment-Level Play-by-Play Prompt

You are a professional sports reporter
< covering a badminton match.

# Situation:

You are provided with selected events from one
— part of a badminton set.

# Task:
Write a play-by-play report for the current
< portion of a badminton set.

The overall report will be built by writing

< selected portions of the set one by one.
— Write only the current portion, but make
— it flow naturally with the previous and
— following parts of the set.

# Guidelines
- A play-by-play report gives a fuller,

< action-oriented account of the progression
— of play while remaining selective and
< concise.

- Write in past tense because the report is

— written after the match.

- Follow the order of events.

- The input tables have already been processed
according to event priority. For each
event, only the provided fields should be
< treated as relevant and reportable.

- For low-priority events, the provided fields
— are the complete intended information.

< Missing contextual details are

< intentionally omitted.

- This is progressive writing. Use
current_report to understand what has
already been written for the current set.
- Continue naturally from current_report

— without repeating earlier information.

- Do not rewrite, summarize, or include
current_report in the final_report.

- If current_report is empty, this is the

— first reportable portion being written for
< the set, not necessarily the beginning of
— the set.

- Use segment_position to decide whether this
is the first, middle, or final reportable
— portion in the generated set report.

- Use the provided events, score states, and
event order to decide where the action
actually sits within the set.

- Do not imply that the set began with this

— portion unless the provided events clearly
show the start of the set.

- If earlier play is unreported, begin from

— the current score movement naturally

< without summarizing missing earlier play.
- If this is the final reportable portion and
< the provided events include the set-ending
score, you may describe how the set ends.

—

—

—

—

—

—

—

—

—

—
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- If this is neither the first nor final

— written portion, do not write set-level

< opening or closing statements.

- When writing the final_report, write scores

— from the sentence subject’s perspective

— when needed.

- If the sentence subject refers to the match
loser, write scores in
[match_loser_score]-[match_winner_score]
format and make clear whether the player
is trailing, closing the gap, or leveling
the score.

If the sentence subject refers to the match

< winner, write scores in

[match_winner_score]-[match_loser_score]

— format.

- Prefer journalistic interpretation grounded

in progression of events over

R

—

o
<« psychological or evaluative claims. Avoid
— overexplaining and avoid dramatic or vague
— phrasing.

- Do not invent facts or make unsupported
inferences. Any interpretation of
momentum, control, pressure, or recovery
must be grounded in the provided events
and score progression.

Do not use planning terms such as "segment”,
"portion”, or "priority" in the

— final_report.

- Do not mention missing, unavailable,

unofficial, or omitted data fields in the

— final_report.

trree

—

—

# Writing process

1. Before writing final_report, use

< editorial_notes to guide the local report.
2. Editorial notes should decide:

- local_progression: What is the main movement
— in this part of the set?

- phase_state: How should this part be

— understood locally?

- leader: Who was leading, controlling,

— chasing, or whether the score was tied?

- continuity_role: How should this part
connect to current_report without
repeating it?

score_focus: Which score states or score

< movements should be written explicitly?
Include more than one only when each one
< helps explain the local progression.
tactical_focus: What play developments are
supported by the provided events? Include
— multiple items only when they represent
— distinct developments, not repeated

— descriptions of the same pattern.

- report_writing_style: How should the
final_report be written? Specify how to

—

—

—

—

o
— keep the report grounded in score movement
— and selected play development, preferring
— journalistic interpretation over generic
— praise.

3. Then write final_report based on these

— notes.

# Input description:

- set_number: the set number.

- segment_position: the position of this
— written portion within the set.

- segment_priority: the priority of the
— written portion.




- segment_role: the report style.
- player_context:
- match_winner: overall match winner.
- match_loser: overall match loser.
- current_report: the report already written

— for previous portions in the same set.
— Exact score states may be masked as

< [SCORE]. Use it only for set continuity
— and do not recover exact scores from it.
## segment_events

A chronologically ordered table of events in
— the current portion. The available fields
— depend on priority level.

Possible fields:
- priority_level:
- "high": events that serve as the main
— events.
- "low"”: events that support the
< progression.
- ball_round: the order of shots within the
event.
- match_winner_score: match winner’s current
score in the set.
- match_loser_score: match loser’s current
< score in the set.
- getpoint_player_name: the name of the player
< who won the event.
- ball_type: the type of shot.
- win_reason: the reason why the rally ended.

—

—

# Output:
Return valid JSON only.

"editorial_notes": {
"local_progression”: "...",
"phase_state”: "close / balanced /
— controlled / one_sided / fluctuating”,
"leader”: "match_winner / match_loser /
— tied"”,
"continuity_role": "...",
"score_focus": [

{
"score_state": "...",
"score_evidence”: " "
3
:l;
"tactical_focus”: [
{
"match_winner_play_development”: "...",
"match_loser_play_development”: "..."
}
];
"report_writing_style”: "..."
}!

"final_report”:

n n

A.3 Set-Level Generation Prompt

You are a senior sports editor covering a
< badminton match.

# Situation:

You are provided with local reports of
selected portions of the set written by
sports reporters.

—

—

985

# Task:

Write a professional report for the current
— set of a badminton match.

Your job is to identify the set’s overall
progression by combining score movement
with grounded play development. Retain
only the most important details that
explain how the set changed or stayed
under control.

Feeid

# Guidelines:

- Follow the order of events.

- This is progressive writing. Use

current_report to understand what has

— already been written for the match.

- Continue naturally from current_report

< without repeating earlier information.

- Do not rewrite, summarize, or include

current_report in the final_report.

- If current_report is empty, this is the

— first set for the match.

- Score states in the input are provided in
[match_winner_score]-[match_loser_score]
format to identify which score belongs to
each player. In the final_report, write
scores naturally based on the sentence
context, making clear which player led,
trailed, closed the gap, leveled the
score, or won the set.

Build set_progression before writing the
final_report. Use score_events as the
factual backbone and tension_profile to
judge which portions carry more set-level
importance.

- Mention only the events that explain the

— set’s main progression: score movement,

< pressure, control, response, continuity,

< comeback attempt, or closing outcome.

- Treat local segment_narrative as supporting
detail. Reuse it only when it helps
explain the set’s overall progression,
including pressure, control, response,
continuity, rally quality, or error
patterns.

Focus on transitions between reported

< portions and the progression of the set,

< not isolated event details.

- Not every reported portion should receive
equal attention. In most sets, only one or
two portions should shape the main set
story unless the set is expanded because
of repeated lead changes, a comeback
attempt, or a close finish.

Prefer journalistic interpretation grounded
in score progression and play development

< over generic praise.

- Avoid vague praise or unsupported
psychological claims. Avoid vague phrases
such as "tactical superiority”, "strategic
play”, or "showcased resilience” unless
directly supported by the score movement
or repeated events.

Do not invent facts or make unsupported
inferences.

—

—
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- The phase labels are planning labels only.
Do not structure the final_report
mechanically around these labels, and do
not use phrases such as
"opening_dominance” unless they sound
natural in the match report.

Do not use planning terms such as "score

U

— anchor”, "score event”, "tension",
< "point"”, "sequence", "rank", "segment”, or
— "reported portion” in the final_report.

# Set progression instructions:

Before writing the final_report, use the
possible phases below to identify the
parts of the set that meaningfully shaped
the set story. In phase_progression,
include only the phases that are important
for understanding the set story.

Perrtd

Possible phases: opening_contest /
opening_dominance / closing_contest /
closing_dominance / control_building /
control_extension / gap_narrowing /
comeback_pressure / contest_reset /
control_restoration / routine_exchange /
mixed_exchange

rerrid

not force all partition-role phases into
the output. Include only the
partition_role labels that meaningfully
shape the set story. Skip phases with
limited evidence or phases that do not
meaningfully affect the set’s overall
progression. Keep the selected phases in
chronological order.

L A 1

Use set_progression to decide:

- which parts of the set shaped the overall
story,

- whether the interval position mattered,

- whether there was a key shift, comeback
attempt, or closing run,

- which phases should be emphasized,
compressed, or omitted in the

— final_report,

- which turning points mattered most compared
< with nearby events,

- what overall set story the final_report
should emphasize,

- how much narrative attention the set needs.

—

—

—

—

If the eventual set loser led at an important
— point, include that lead when it explains
< a comeback, control shift, or failed

— advantage.

Keep the evidence short and grounded. Use
score_focus for exact score movement and
— tactical_focus for play development
supported by segment_narrative.

—
—

For detail_strategy, choose exactly one of

— these values:

- brief: use when the set was one-sided or one
— player controlled most phases.

- balanced: use when the set was mostly
controlled but included some resistance or
one clear turning point.

—
—
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- expanded: use when the set was fluctuating,
included a comeback attempt, repeated lead
changes, or a close finish.

—
—

Writing steps:

Read set_context and current_report to
understand the set position, match
context, final set score, and continuity
with previous sets.

Read set_partition_overview to understand
the compressed full-set arc, then read
reported_segments in chronological order.

Build set_progression by analyzing the
important phases of the set in
chronological order.

Identify the main turning points and
explain why they mattered more than nearby
events.

Use segment_narrative to identify grounded
play development, such as pressure,
control, response, continuity, rally
quality, or error patterns. Do not use it
to recover exact score states because
those are masked as [SCORE].

Based on phase_progression,
main_turning_points, and set_story, write
the final_report for the set.

L A A R A R A

# Input description:

- set_context:
- set_position: The position of the current
— set in the match.
- match_metadata: Match-level contextual
information.

- match_winner: Overall match winner.

- match_loser: Overall match loser.

- set_scores: Final scores of match winner

and match loser for each set.

—

—

- current_report: The report already written
— for previous sets in the same match. Exact
< score states may be masked as [SCORE]. Use
— it only for match continuity and do not

< recover exact scores from it.

- set_partition_overview: A chronologically
ordered compressed overview of the full
current set from partition.csv. Use it to
understand the set’s overall structure,
especially low-detail or omitted portions
that may not appear in reported_segments.

Each item contains:

- partition_no: The chronological partition

< number inside the set.

- set_leading: The side leading at the end

« of the partition.

- set_trailing: The side trailing at the end

— of the partition.

- dominant_role: The most frequent event

« role inside the partition.

- role_sequence: The compressed event-role

< sequence inside the partition.

- partition_role: The wider phase role of

— the partition.

- text_events: Possible compressed

< phase-level descriptions for the

< partition. Use these as context only,

not as sentences to copy directly.

Feeid
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- reported_segments: A chronologically ordered
— list of reported portions of the current
set.
Each item contains:
- segment_id: Segment identifier. Use this
< only for reference; do not mention it in
— final_report.
- segment_type: Intended reporting depth for
— this portion.
Possible values:
"Low - Omitted”
- "Moderate - Highlight report”
- "High - Play-by-play report”

—

- reported_segment_position: The position of
— this reported portion among all reported
< portions.

- tension_profile: Ranked signals describing

— this portion relative to other reported

— portions.

Use this only to judge importance and
< progression.

- score_events: Important selected score
situations inside this reported portion.
Use these as the factual backbone for
exact score movement. Score states are
formatted as
match_winner_score-match_loser_score.

Each score_event contains:

- score_state: The exact score state.

- leader: The side leading at that score

state, such as match_winner,

— match_loser, or tied.

- types: A list of meanings attached to

< that score state.

Fered

—

Each type item may contain:

- label: The score-event meaning, such as
final_score, interval_score,
equalizer, deuce, early_lead_change,
late_lead_change, early_comeback,
late_comeback, early_dominance, or
late_dominance.

description: A short explanation of the
score-event meaning.

- gap_before, gap_after, gap_reduction, or

< gap_increase when relevant.

- previous_leader or new_leader when

relevant.

- segment_narrative: The local generated

draft for this reported portion. Exact

score states from the local draft are
masked as [SCORE]. Use score_events, not
segment_narrative, as the factual source
for exact score states.

R SR

—

—
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# Output:
Return valid JSON only.
{
"set_progression”: {
"phase_progression”: [

"phase”: "opening_contest /
opening_dominance /
closing_contest /
closing_dominance /
control_building /
control_extension / gap_narrowing
/ comeback_pressure /
contest_reset /
control_restoration /
routine_exchange /
mixed_exchange”,
"phase_summary": "...",
"leader"”: "match_winner / match_loser
— / tied”,
"score_focus": {
"score_state": "...",
"score_evidence”: "..."
}!
"tactical_focus”": {
"match_winner_play_development”:

n n

A

— . y
"match_loser_play_development”: "..."
}

3
] ’
"main_turning_points"”: [
{

"event_description”: "...",
"why_it_mattered_more_than_nearby_eve |

",
—

n n
— “e

3
]’
"set_story”: {
"overall_arc": ,
"detail_strategy"”: "brief / balanced /

< expanded”,

" n

"reason”: "..."
}
e
"final_report”: "..."
}
A.4 Match-Level Generation Prompt

You are a sports editor-in-chief covering a
< badminton match.

# Situation:
You are provided with intermediate reports of
— the sets written by sports editors.

# Task:
Write a publishable journalistic report for
— the provided badminton match.

Your job is not to compress the set-level

— reports further. Instead, use them as
— selected evidence and rewrite them into a
— coherent match-level article.

# Guidelines:
- Follow the order of events.
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- The final_report must use match_framing as
its article plan, repair any local
score-ordering problems from the set-level
reports, and produce a clear lead, smooth
transitions between sets, accurate score
progression, and natural journalistic
wording.

Use set_narrative as the main evidence. The
set-level reports already contain the
selected important details.

- Use score_events to verify and repair score
progression. If set_narrative contains
out-of-order score mentions, reorder or
rewrite the sentence so the final_report
follows chronological score movement.

Use tension_profile only to judge which sets

< or phases may need stronger emphasis in

< the match framing.

- Score states in the input are provided in
[match_winner_score]-[match_loser_score]
format to identify which score belongs to
each player. In the final_report, write
scores naturally based on the sentence
context, making clear which player led,
trailed, fought back, forced a decider, or
closed out the match.

Do not further compress the set-level

< reports. Rewrite them into a publishable

— article by improving lead, transitions,

— structure, and journalistic wording.

- Preserve the key score progression from each

— set, but avoid simply concatenating the

— set reports.

- Use journalistic interpretation only when it
is grounded in both score progression and
play development, such as sustained
pressure, rally control, attacking
response, defensive resistance, forced
errors, interval control, comeback
pressure, or closing stability.

In the opening lead of final_report, include
the available tournament context from
match_metadata, especially tournament,
round, date, winner, loser, and duration
when provided. Do not repeat these details
later unless needed for clarity.

When rewriting each set, keep score states

< in chronological order.

- Avoid vague praise or unsupported

— psychological claims.

- Do not invent facts or make unsupported

— inferences.

- Do not use planning terms such as "score

anchor”, "score event”, "tension”,

"point”, "sequence"”, "rank”,

"set_rewriting_plan”, or "match_framing”

in the final_report.

S A

—
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# Match framing instructions:
Before writing final_report, identify the
— journalistic framing of the match.

Use match_framing to decide:

- how the match result should be introduced

< using tournament, round, date, and

< duration when available,

- how the sets relate to each other,

- which set or turning point best explains the
— result,
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- what repeated or changing play pattern

— explains the match result,

- how score progression and play development
— should be connected across sets,

- how each set should be connected in the

— article,

- what wording or structure should be smoothed
< from the set-level reports,

- how the report should end.

Do not use match_framing to remove important
set details. Use it to organize and

.
< rewrite the selected evidence into a
— publishable match report.

# Writing steps:

1. Read match_metadata to understand
— tournament context, players, and match

result.

2. Read ordered_sets in chronological order.

Build match_framing in the same order as
the output schema:

- Identify lead_angle from the overall

— match result.

- Write match_result_summary using

— match_metadata.

- Identify set_relationship by comparing

— how the sets connect.

- Identify the turning_point that best

— explains the match result.

- Identify the decisive_pattern that

— explains how the winner secured the

— match.

- Identify play_development_pattern by
< comparing how pressure, control,
< response, rally quality, or error
< patterns developed across sets.

- For each set, write set_rewriting_plan to
< explain the set’s role, rewrite focus,
< wording or structure to smooth, and
— transition purpose.

- Write match_headline.

- Write match_story as a short overview of
— the full match progression.

- Write journalistic_style to guide the

lead, body, transitions, and ending.

The lead_sentence_strategy should

specify how to include tournament,

round, date, and duration when
available.

Before writing final_report, check each set
for chronological score order. If
set_narrative mentions score states out of
order, repair the wording using
score_events while preserving the selected
evidence.

Write final_report as one publishable
journalistic article that operationalizes
every field in match_framing. Use:

- lead_angle and match_result_summary to

shape the opening lead,

- set_relationship to connect the sets,

- turning_point to decide the main emphasis,
- decisive_pattern to explain how the
< winner secured the match,

- play_development_pattern to explain the
— match beyond the scoreline,

- set_rewriting_plan to rewrite each set
< with the correct role and transition,

—

3.
.
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- match_headline to guide the article’s
main angle,

- match_story to guide the overall

— progression,

- journalistic_style to guide the lead,
— body, transitions, and ending.

—

# Input description:
- match_metadata:
- tournament: Tournament name.
- round: Match round.
- date: Match date in YYYY-MM-DD format.
- duration_minutes: Total match duration in
— minutes.
- match_winner: Overall match winner.
- match_loser: Overall match loser.

- ordered_sets: A chronologically ordered list
of set-level reports.

Each item contains:

- set_id: Set identifier. Use this only for

— match_framing.

- tension_profile: Ranked signals describing

— this set relative to other sets in the

match. Use this only to judge emphasis,

not as wording for final_report.

- score_events: Important selected score
situations from this set. Use these to
verify and repair exact score
progression when rewriting the
set_narrative. Score states are
formatted as
match_winner_score-match_loser_score.

Each score_event contains:

- score_state: The exact score state.

- leader: The side leading at that score

state, such as match_winner,

— match_loser, or tied.

- types: A list of meanings attached to

that score state.

—

—

—

Pl

—

—

Each type item may contain:

- label: The score-event meaning, such as
final_score, interval_score,
equalizer, deuce, early_lead_change,
late_lead_change, early_comeback,
late_comeback, early_dominance, or
late_dominance.

description: A short explanation of the
score-event meaning.

- gap_before, gap_after, gap_reduction, or

< gap_increase when relevant.

- previous_leader or new_leader when

relevant.

- set_narrative: The intermediate set-level

report. Use this as the main evidence

— for final_report.

U S A

—

—

—

# Output:
Return valid JSON only.
{
"match_framing”: {
"lead_angle": {

"lead_label”: "straight_games_win /
comeback_win / three_set_escape /
— dominant_win / upset_or_milestone /
routine_win / close_finish"”,

"evidence": "..."
}!

"match_result_summary”: {

—

—

” n

"winner":
"loser":
"scoreline”: "..
"match_meaning":

’
" ”

cee
n n

}Y
"set_relationship”:
"set_label”: "winner_controlled_all_sets
/ loser_forced_decider /
momentum_shifted_across_sets /
close_match_decided_late /
winner_recovered_after_set_loss /
escalating_contest”,
"evidence”: "..."
}!
"turning_point”: {
"set_id": 1,
"description”:
}7
"play_development_pattern”: {
"play_label”: "sustained_pressure /
rally_control / attacking_response /
defensive_resistance / forced_errors
/ interval_control /
closing_stability /
fluctuating_control”,
"evidence”: "...",
"how_it_connects_the_sets":
}7
"set_rewriting_plan”: [

{

Leeid

n ”

.
.
.
.
.

n "

"set_id": 1,

"set_role"”: "opening_control /
response_set / routine_set /
— decisive_set / comeback_set /
— closing_set",
"rewrite_focus”: .
"details_to_smooth”: ["..."],
"transition_purpose": "..."

—

n n

}

"match_headline": "..."
"match_story”: "...",
"journalistic_style"”: {

"lead_sentence_strategy”:
"body_strategy”: "...",
"transition_strategy"”:
"ending_strategy”: "..."
}
}!

"final_report”:

" n
n n

’

n "

3

A.5 Flat Match Generation Prompt

You are a sports editor-in-chief covering a
— badminton match.

# Situation:
You are provided with full match evidence. The
evidence includes match-level context and

o
— set-level details. Your task is to write
— the match report directly from this

— evidence, without using separately

— generated set reports.

# Task:

Write a publishable journalistic report for
— the provided badminton match.
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Your job is to build the match story from the
set-by-set progression, the important
score movements, and the overall match
result. Use the match context to frame the
article, and use the set evidence to
explain how the match unfolded.

reritd

# Guidelines:

- Follow the order of events.

- Use match_metadata to understand the

— tournament context, players, match result,

< duration, and final scoreline.

- Use ordered_sets in chronological order to

understand how each set developed.

- For each set, read set_partition_overview in

chronological order.

- Use possible_score_events inside each

< partition as the main evidence for

important score movements and key moments.

- Use each partition’s role_sequence,

— partition_role, dominant_role, and

— text_events to understand the wider flow

of the set.

- Use tension_profile only to decide which

sets or phases may need stronger emphasis.

- Use final_score to confirm how each set

— ended.

- Score states in the input are provided in
[match_winner_score]-[match_loser_score]
format to identify which score belongs to
each player. In the final_report, write
scores naturally based on the sentence
context, making clear which player led,
trailed, fought back, forced a decider, or
closed out the match.

Keep score states in chronological order

< within each set.

- Preserve the key score progression from each

— set, but avoid listing events one by one.

- Use journalistic interpretation only when it
is grounded in score progression and play
development, such as sustained pressure,
rally control, attacking response,
defensive resistance, forced errors,
interval control, comeback pressure, or
closing stability.

In the opening lead of final_report, include
the available tournament context from
match_metadata, especially tournament,
round, date, winner, loser, and duration
when provided. Do not repeat these details
later unless needed for clarity.

Avoid vague praise or unsupported

< psychological claims.

- Do not invent facts or make unsupported

inferences.

- Do not copy text_events directly. Use them

only as supporting context.

- Do not use planning terms such as "score

anchor”, "score event”, "tension”,

"point"”, "sequence"”, "rank”,

"set_rewriting_plan”, or "match_framing”

in the final_report.

—

—

—

—

—
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# Match story instructions:

Before writing final_report, identify the
< journalistic framing of the match.

Use match_framing to decide:

- how the match result should be introduced,
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- how the sets relate to each other,

- which set or turning point best explains the
result,

- what repeated or changing play pattern
shaped the match,

- how score progression and play development
should be connected across sets,

- how much detail each set needs,

- how the article should end.

—
—

—

Do not use match_framing to remove important

— set details. Use it to organize the
< provided evidence into a natural match
— report.

# Writing steps:
1. Read match_metadata to understand
— tournament context, players, and match
result.
2. Read ordered_sets in chronological order.
3. Build match_framing by identifying:

- the main lead angle,

- the match result summary,

- how the sets connect,

- the turning point that best explains the

— result,

- the decisive pattern across the match,

- the role of each set in the article,

- the headline,

- the full match story,

- the journalistic style for the lead, body,

— transitions, and ending.
4. Check the score movement in each set before
— writing. If any wording would make the
score progression unclear, rewrite it so
— the article follows chronological order.
5. Write final_report as one publishable
journalistic article.

—

—

—

# Input description:

- match_metadata: Match-level contextual
information.

- tournament: Tournament name.

- round: Match round.

- date: Match date in YYYY-MM-DD format.

- duration_minutes: Total match duration in

— minutes.

- match_winner: Overall match winner.

- match_loser: Overall match loser.

- set_scores: Final scores of match winner

and match loser for each set.

—

—

- ordered_sets: A chronologically ordered list
— of sets in the match.
Each item contains:
- set_id: Set identifier. Use this only for
< match_framing.
- final_score: Final score of the set in
— match_winner_score-match_loser_score
— format.
- tension_profile: Ranked signals describing
— this set relative to other sets in the
— match. Use this only to judge emphasis,
< not as wording for final_report.
- set_partition_overview: A chronologically
< ordered list of partitions within the
— set.

Each partition contains:




- partition_no: The chronological

< partition number inside the set.

- start_score: Score state at the

— beginning of the partition.

- end_score: Score state at the end of the
— partition.

- set_leading: The side leading at the end
— of the partition.

- set_trailing: The side trailing at the
end of the partition.

- dominant_role: The most frequent event
role inside the partition.

- role_sequence: The compressed event-role
— movement inside the partition.

- partition_role: The wider phase role of
the partition.

- text_events: Possible compressed

< phase-level descriptions for the

< partition. Use these as context only,
not as sentences to copy directly.

- possible_score_events: Possible
important score situations inside this
partition. Use these as the main
factual evidence for exact score
movement.

—

—

—

—

e

Each possible_score_event contains:

- score_state: The exact score state in
match_winner_score-match_loser_sco |
— re

— format.

- leader: The side leading at that score
state, such as match_winner,

— match_loser, or tied.

- event_role: The score-event role, such

—

—

< as final_score, game_point,
— interval_lead, interval_tie,
< equalizer, comeback_attempt,
— dominance_building, or

< routine_point.

event_description: A short factual

— description of what the score event
represents.

- supporting_details: Additional

—

— available details, such as rally
< position, point winner, gap
— movement, run length, shot type, or
— rally-ending reason.
# Output:

Return valid JSON only.

{
"match_framing”: {
"lead_angle": {

"lead_label”: "straight_games_win /
comeback_win / three_set_escape /
— dominant_win / upset_or_milestone /
routine_win / close_finish"”,

"evidence”: "..."
}’
"match_result_summary”: {
"winner”: "..."
"loser”: "...",
"scoreline”: "..."
"match_meaning”:
}’

"set_relationship”: {

—

—

’

’
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}

"set_label”: "winner_controlled_all_sets
/ loser_forced_decider /
momentum_shifted_across_sets /
close_match_decided_late /
winner_recovered_after_set_loss /
escalating_contest”,
"evidence”: "..."
}!
"turning_point": {
"set_id": 1,
"description”:
}!
"play_development_pattern”: {
"play_label”: "sustained_pressure /
rally_control / attacking_response /
defensive_resistance / forced_errors
/ interval_control /
closing_stability /
fluctuating_control”,
"evidence": ,
"how_it_connects_the_sets"”:
}7
"set_rewriting_plan”: [

{

Feeid
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"set_id": 1,

"set_role”: "opening_control /

< response_set / routine_set /
— decisive_set / comeback_set /
< closing_set",
"rewrite_focus”: .
"details_to_smooth”: ["..."],
"transition_purpose": "..."

n n

}

” n

"match_headline”: "...",

"match_story”: "...",

"journalistic_style"”: {
"lead_sentence_strategy”:
"body_strategy”: "...",
"transition_strategy"”:
"ending_strategy”: "..."

}

3,

"final_report”:

" n

n n
cee

n n




